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Abstract: This paper shows the results of a preliminary study on the performance of new methods
based on ultrasonic images parametrization, to estimate the arterial wall movements used for the
evaluation of arterial stiffness, considered to be a predictor of cardiovascular events. The well-known
technique of motion tracking in ultrasound image sequences was applied on cine loops scanned
from subjects with different risks of suffering from cardiovascular disease (CVD). The motion of
arterial walls was traced using displacement signals: Diameter, intima-media thickness (IMT) and
longitudinal intima-media (IM) complex movement. The new methods used for the parametrization
of the displacement signals were the average value (AV), effective or root mean square (RMS) value,
and peak-to-peak motion amplitude estimate. A total of 79 subjects were analyzed in the study with
30 considered at low risk and 49 included in a preventive program for monitoring high CVD risk
subjects. The results show a statistically significant difference between healthy volunteers and at-risk
patients according to the AV of IMT, RMS values of longitudinal and radial motions and peak-to-peak
amplitude of radial motion.
Keywords: common carotid artery; arterial wall motion; intima-media complex longitudinal motion;
quantitative parametrization
1. Introduction
Cardiovascular diseases (CVDs) are the number one cause of human mortality and morbidity
worldwide (WHO, 2017) [1]. Every year, more and more people die from these diseases than from any
other illnesses. In 2016, 17.9 million people died from CVDs, constituting 31% of all global deaths.
Heart attack and stroke make up 85% of these deaths [1] and the number of deaths from CVDs in the
world is predicted to reach 23.6 million by 2030 [2].
CVDs are a group of disorders affecting the heart and blood vessels, which can cause myocardial
infarction and stroke. They are usually acute events, mainly caused by a blood flow cut-off to the
heart or brain, and described as the final stage of atherosclerosis [1,3], which is a systemic and chronic
inflammatory disease of the medium and large arteries. Atherosclerosis is a degenerative progress that
refers to the buildup over many years of lipids and other blood-borne materials in the arterial walls.
Finally, atherosclerotic plaque forms, which can restrict blood flow in an artery. Overall, atherosclerotic
arterial affection is not noticeable in the long term, but general signs of this disease develop only after
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complications start: Thickening of the intima-media complex, narrowing of the arterial lumen or its
thrombosis, and/or loss of elasticity [4].
There are many risk factors that assist in the development of CVDs, which can be classified into
two groups: Non-modifiable risk factors and modifiable risk factors. The first group’s factors cannot
be changed, and they are age, gender, family history, and race. The second group of factors can be
changed or treated, and they include smoking, high blood pressure, diabetes, physical inactivity,
overweight, high blood cholesterol, etc. [5]
An independent predictor of cardiovascular events is arterial stiffness. This parameter is generally
analyzed to assess cardiovascular risk [5–7]. In clinical practice, the most commonly used risk markers
for arterial stiffness evaluation are IMT, pulse wave velocity (PWV), and cross-sectional distensibility
(CSD) [8–11]. Unfortunately, the clinical potential of these traditional risk markers as a screening test
remains limited [12]. The risk of CVDs in patients under the age of 50 is difficult to evaluate, especially
in the absence of specific individual CVDs risk factors or anamnesis. Therefore, it is difficult to assess
the likelihood of developing a disease, and if so, to start drug treatment [5].
Nonetheless, it has been proven that significant anatomical changes (i.e., IMT) of the arterial wall
appear much later than mechanical changes (i.e., longitudinal and radial motion of the arterial wall) [3].
Radial motion is a parameter describing the mechanical properties of the arterial walls, and it has
been widely studied in recent years, becoming an informative non-invasive parameter that helps to
investigate cardiovascular diseases and to determine the elasticity of arterial walls. Unlike the radial
motion of the arterial wall, the longitudinal motion has not received such recognition. It was believed
that the longitudinal motion during the heart cycle was negligible compared with the radial motion.
However, using modern ultrasound scanners, it has been noticed that the innermost and middle layers
of the large arteries (i.e., intima-media complex) during the heart cycle move not only in radial, but also
in a longitudinal direction [13,14]. It has also been observed that the longitudinal motion of the arterial
wall has the same amplitude as the radial motion and reaches about one millimeter [15]. In addition,
clinical studies demonstrated the correlation of common carotid artery (CCA) longitudinal motion
with risk factors and CVDs [16,17]. Previous studies have shown a relationship between the decrease
in longitudinal motion of the CCA wall, arterial stiffness and CVDs [3]. While there is a link between
longitudinal motion amplitude and CVDs, determinants of the phases of longitudinal motion remain
unknown [9].
The aforementioned bidirectional longitudinal motion of the intima-media complex is observed
during the heart cycle. Cinthio et al. [14] discuss the dependence of longitudinal motion peaks
on heart cycle phases, i.e., systole and diastole. There are many speculations about what causes
longitudinal motion in the arterial wall. Finally, determinants of the phases of longitudinal motion
remains unknown [9]. At the beginning of systole, the first antegrade motion of the IM complex
is observed, i.e., motion in the direction of blood flow. Later, still in systole, the first retrograde
motion of this complex appears, i.e., motion in the opposite direction of blood flow. During diastole,
the second antegrade motion of the IM complex follows and then it gradually returns to its original
position [14]. Predominantly, only the longitudinal motion amplitude in different heart cycle phases is
used. Most researchers measure the first antegrade, the first retrograde and the peak-to-peak amplitude
of the longitudinal motion during the heart cycle [14,18,19]. Despite the fact that the longitudinal
motion amplitude is used and is able to distinguish low risk (i.e., healthy controls) from high risk (i.e.,
at-risk patients), the entire longitudinal motion pattern (waveform) can be useful [19,20]. Moreover,
the longitudinal motion pattern is different for different individuals [18,21]. To the best knowledge of
the authors of this article, the RMS estimates for arterial wall movements were not tested in healthy
controls and at-risk patients.
The aim of this paper is to evaluate both the motion average (AV) and RMS values for the
parameterization of the arterial motion. Proposed parameters will be influenced by all amplitude
values of the temporal variation of IMT, longitudinal and radial motion signals during the heart cycle.
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2. Materials and Methods
2.1. Study Population
Thirty-three young healthy volunteers and sixty-nine older volunteers were involved in this study.
Healthy subjects had no cardiovascular risk factors as assessed by a written questionnaire, while older
subjects had high risk of cardiovascular diseases. The age of healthy volunteers was 22–23 years,
while the at-risk patients’ mean age was 51 years (±7 years standard deviation). In the control group,
9 subjects (27%) were male and 24 subjects (73%) were female. In the patients’ group, 43 subjects (51%)
were male and 26 subjects (49%) were female.
Clinical data were collected at the Lithuanian University of Health Sciences Hospital, Department
of Cardiology, during May–October, 2018. The study was approved by the Kaunas Region Biomedical
Research Ethics Committee (2018-08-02, No. BE-2-51, Kaunas, Lithuania). Every participant provided
written consent to participate in the study and allowed the usage of the obtained B-mode images under
the principle of confidentiality.
2.2. Collection of In Vivo Data
All analyses were performed using a clinical scanner Ultrasonix SonixTouch (Analogic Ultrasound,
Canada), equipped with a 5–14 MHz linear array probe. During the CCA echoscopy, the frame rate,
depth and focus were 52 fps, 2.5 cm and 2 cm, set in the ultrasound scanner accordingly. The data was
stored in a cine-loop as consecutive frames for later offline analysis.
The acquisition of CCA B-mode sequences was performed by two cardiology physicians.
Before the measurement, all subjects were asked to rest in supine position for at least 15 min. During the
measurement, the subjects were lying in supine position, stretching their neck and turning it 45 degrees
to the right or left, depending on the echoscopic neck side. Arterial longitudinal motion amplitude does
not depend on the echoscopic neck side [8], so both right and left CCA were scanned. Measurements
of the longitudinal movement and the diameter change of the CCA were performed 2–3 cm proximate
to the bifurcation during at least two full heart cycles. In order to ensure that the CCA data was of
acceptable quality, the longitudinal movement had to be clearly visible along the preselected segment of
the arterial wall. All sequences were stored digitally and transferred to a computer for further analysis.
2.3. Estimation and Post-Processing of IMT, Longitudinal and Radial Motion Signals of CCA
For this study, CAROLAB software was used in order to estimate IMT, longitudinal and radial
motions of CCA [10,22,23]. This software is used for the analysis of ultrasound B-mode image
sequences and assesses the longitudinal motion with a speckle-tracking approach that is based on
the block-matching (BM) method [10]. The main point of the BM framework is to detect the motion
d(n) between two consequent frames by comparing pixel blocks of consecutive images I(n-1) and
I(n). The motion corresponds to the displacement between the center point p(n-1) of the reference
block and the center point p(n) of the best-matched block. This results in the shift of the center point
p(n) between images I(n-1) and I(n). Pixel blocks alignment in images I(n-1) and I(n) takes place
only within the search window, i.e., in the defined maximum margin around the center point of the
reference and best-match blocks. After summing up all the displacements d(n) received, the p(n) point
motion trajectory is estimated. In order to cope with the issue of speckle decorrelation, a pixel-wise
Kalman filter is used to update the reference block [10]. Once the estimation is done, a fully-automatic
technique based on front propagation is used [22] in order to segment the IM complex and track
temporal variations in the IMT in CCA B-mode ultrasound images.
From right and left CCA image sequences, the higher-quality video sequence was chosen and
finally one CCA image sequence was used for every subject. Subjects presenting low-quality video
sequences or having less than two full heart cycles detected with CAROLAB were rejected from the
study. Three subjects (9%) were rejected from the healthy volunteers’ group while twenty subjects
(29%) were rejected from the at-risk patients’ group.
Appl. Sci. 2019, 9, 465 4 of 11
A region of interest (ROI) containing a well-contrasted speckle pattern of the distal vessel wall for
longitudinal and radial motion, and clearly visible IM complex for IMT variation were chosen in the
first frame of each B-mode sequence. A kernel of the ROI was selected manually, with size 3 × 0.5 mm
as seen in Figure 1a. Estimated signals of longitudinal motion, radial motion and temporal variation in
the IMT were saved for further post-processing in MATLAB.
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Figure 1. (a) Common carotid artery (CCA) echoscopy image with preselected kernel (red 
rectangular) for the estimation of the longitudinal motion and the segmented intima-media (IM) 
complex of both proximal and distal arterial walls (yellow lines) for temporal variation of intima-
media thickness (IMT) and radial motion estimation in CAROLAB. (b) CAROLAB output signals 
detrended and filtered for better observation in a single diagram. A post-processed diameter signal 
was used to select two consequent heart cycles (red shadowed area). Only this time interval was used 
for quantitative parametrization of the signals. 
Post-processing algorithm was developed in MATLAB. The CAROLAB output signals were 
loaded in original form as shown in Figure 2a. 
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and then detrended, subtracting the mean of the resulting signal. After this, two consequent heart 
cycles were selected manually in time. Only this time segment (see red shadowed area in Figure 1b 
for an example) was used in all signals for the evaluation of time domain parameters: Peak-to-peak 
amplitude change of the arterial diameter and IMT between systole and diastole, AV and RMS values 
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CAROLAB output signals were post-processed and quantitatively parametrized in our 
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2.4. Quantitative Parametrization of IMT, Longitudinal and Radial Motion Signals of CCA
The average value (AV) is the mean amplitude of the waveform and can be calculated as follows:
AV =
n
i=1 xi
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RMS =
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∑
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CAROLAB output signals were post-processed and quantitatively parametrized in our algorithm.
From Equation (1), we calculate offset estimate or AV of longitudinal motion (X0), diameter motion
(D0), and IMT motion (IMT0) signals in the preselected time interval before post-processing. Examples
of these estimates are shown with the help of arrows in Figure 2a. After filtering and detrending, all the
aforementioned signals are parametrized calculating peak-to-peak amplitude and RMS estimates.
Longitudinal motion RMS values were denoted by XRMS, radial motions by DRMS, and temporal
variation of IMT by IMTRMS. Examples of these estimates are indicated in Figure 2b.
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2.5. Statistical Analysis
All the earlier calculated parameters were represented as box-and-whisker plots for evaluation
and analysis. The data were assessed for normality using the Shapiro–Wilk test [24]. This test was
applied to the two subject groups and for each evaluated parameter, separately. The significance
level was 5% and we found that the data were not normally distributed. To determine the difference
between the two groups, a Mann–Whitney U test was used. The value p < 0.015 was considered to
indicate a statistically significant difference. Statistical analysis was performed using MATLAB.
3. Results
From now on, we will provide two sets of boxplots for comparisons: One for healthy volunteers
(white) and one for at-risk patients (yellow).
Figure 3 shows the comparison between the AV of longitudinal motion, radial motion and
temporal variation of IMT for healthy volunteers and at-risk patients. The AV of radial motion and
IMT variation can be interpreted as arterial diameter and IMT at equilibrium instants between pulses.
The AV of longitudinal motion is near zero because the IM complex is returning to the initial position
after anterograde and retrograde longitudinal shifts. Both the radial and IMT average values in
healthy volunteers are a little more closely grouped, whereas the variability of these measurements
in the at-risk patients’ group is slightly greater. Two extreme outliers of the IMT AV appear in both
subjects’ groups.
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Figure 3. Box-and-whisker plots of average values (AV) of longitudinal motion (X0), radial motion (D0),
and temporal variation of IMT (IMT0) multiplied by a constant for healthy volunteers (white boxes,
n = 30) and at-risk patients (yellow boxes, n = 49). Median values (successively, –0.09, –0.03, 5.41, 5.89,
5.49, 7.05) are shown as a horizontal red line within each box. Whiskers represent the minimum and
maximum values. Outliers (estimates outside 1.5 times the inter-quartile range) are indicated by red +.
The comparisons between the two groups are indicated by the p values. NS–non-significant.
Figure 4 shows statistics of RMS estimates of longitudinal motion, radial motion and temporal
variation of IMT of the two groups. RMS estimates, or so-called effective values, are commonly used
to indicate the time-averaged magnitude of a signal. In this particular case, this parameter accounts
for the average activity of motion during two heart cycles. Both longitudinal and radial RMS values in
healthy volunteers are a little wider whereas the spread of these measurements in at-risk patients are a
little more closely grouped. Additionally, three to four extreme outliers of IMT RMS values appear in
both groups.
Appl. Sci. 2019, 9, 465 7 of 11
Appl. Sci. 2018, 8, x FOR PEER REVIEW  7 of 11 
 
Figure 4. Box-and-whisker plots of root mean square (RMS) values of longitudinal motion (XRMS), 
radial motion (DRMS) and temporal variation of IMT (IMTRMS) multiplied by a constant for healthy 
volunteers (white boxes, n = 30) and at-risk patients (yellow boxes, n = 49). Median values 
(successively, 0.25, 0.18, 0.19, 0.14, 0.24, 0.22) are shown as a horizontal red line within each box. 
Whiskers represent the minimum and maximum values. Outliers (estimates outside 1.5 times the 
inter-quartile range) are indicated by red +. The comparisons between the two groups are indicated 
by the p values. NS–non-significant. 
Figure 5 shows the IMT and radial peak-to-peak motion amplitude distribution between the two 
groups. Peak-to-peak amplitudes represent time instant estimates of peaking motion signals. Radial 
motion signals are in maximal peak at systole and in minimal at diastole. IMT motion signals are in 
minimal peak at systole and in maximal at diastole. In addition, there are two extreme outliers in the 
healthy volunteers’ group and three in the at-risk patients’ group for the IMT peak-to-peak motion 
amplitude.  
  
Figure 5. Box-and-whisker plots of peak-to-peak motion amplitude of radial motion and temporal 
variation of IMT multiplied by a constant for healthy volunteers (white boxes, n = 30) and at-risk 
patients (yellow boxes, n = 49). Median values (successively, 0.67, 0.62, 0.62, 0.47) are shown as a 
horizontal red line within each box. Whiskers represent the minimum and maximum values. Outliers 
Figure 4. Box-and-whisker plots of root mean square (RMS) values of longitudinal motion (XRMS),
radial motion (DRMS) and temporal variation of IMT (IMTRMS) multiplied by a constant for healthy
volunteers (white boxes, n = 30) and at-risk patients (yellow boxes, n = 49). Median values (successively,
0.25, 0.18, 0.19, 0.14, 0.24, 0.22) are shown as a horizontal red line within each box. Whiskers
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Figure 5 shows the IMT and radial peak-to-peak motion amplitude distribution between the
two groups. Peak-to-peak amplitudes represent time instant estimates of peaking motion signals.
Radial motion signals are in maximal peak at systole and in minimal at diastole. IMT motion signals
are in minimal peak at systole and in maximal at diastole. In addition, there are two extreme outliers
in the healthy volunteers’ group and three in the at-risk patients’ group for the IMT peak-to-peak
motion amplitude.
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Figure 5. Box-and-whisker plots of peak-to-peak motion amplitude of radial motion and temporal
variation of IMT multiplied by a constant for healthy volunteers (white boxes, n = 30) and at-risk
patients (yellow boxes, n = 49). Median values (successively, 0.67, 0.62, 0.62, 0.47) are shown as a
horizontal red line within each box. Whiskers represent the minimum and maximum values. Outliers
(estimates outside 1.5 times the inter-quartile range) are indicated by red +. The comparisons between
the two groups are indicated by the p values.
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4. Discussion
In this study, we propose new parameters for the evaluation of the temporal variation of
IMT and the longitudinal and radial arterial walls’ motions during the heart cycle. The main
purpose is to provide estimates that will be influenced by all amplitude values of the aforementioned
motion variations.
We have used CAROLAB software [10,22,23] in order to analyze two different populations
(33 healthy volunteers and 69 at-risk patients). Our results have demonstrated that the arterial
diameter of healthy volunteers is not distinct from that of the at-risk patients, while there is a significant
difference in the IMT between these two groups, as seen in Figure 3. The arterial diameter is the same
among all subjects while IMT increases for at-risk patients. In accordance with previous studies [10,11],
we can state that IM thickening is associated with CVDs. There is a significant difference between
healthy volunteers and at-risk patients according to the RMS values of longitudinal and radial motions,
as seen in Figure 4. From these results, it is clear that the healthy volunteers’ CCA moves more in
longitudinal and radial directions than in at-risk patients. This is consistent with what has been found
in previous studies [17] and it may explain higher arterial elasticity in the healthy volunteers’ group.
In this paper we only have motion or displacement signals to analyze. Elastography researchers [25,26]
state that in response to pulsatile flow, a stiffer artery moves less. This empirical knowledge about
the negative correlation of motion amplitude with artery stiffness can be observed in our estimates.
In addition, we have done our own experiments [27] determining that displacement correlates with
stiffness. We found that with the decrease of agar-based phantoms’ stiffness, the motion amplitude
increases. No statistical difference can be claimed between the two groups according to the RMS value
of IMT. Contrary to the findings of Zahnd et al. [23], we did not find any IMT variation increase in
at-risk patients compared with healthy volunteers. Our results have demonstrated that there is no
significant difference between healthy volunteers and at-risk patients according to IMT peak-to-peak
motion amplitude, demonstrated in Figure 5. Although in our study two investigated populations
were not so different, like healthy volunteers and diabetic patients, there is enough statistical difference
of radial peak-to-peak motion amplitude between healthy volunteers and at-risk patients.
The main drawback is that some subjects presented low-quality B-mode sequences resulting
in motion signals that were not repeatable. In these cases, the tracking process was repeated again
with another kernel position in the CCA image, but this did not yield any better results. In addition,
there were some sequences with fewer than two full heart cycles. Finally, all the B-mode sequences
having such repeatability limitations were rejected from the study.
In order to get correct estimates of the temporal variation of IMT and radial motion, CCA walls
have to appear as double-line patterns in all video sequences [14]. However, there were a few frames
in some B-mode sequences where the intima-media complex was not as clearly visible as needed
in CAROLAB software. This appears to be a case of errors resulting in inaccurate IM complex
segmentation and finally incorrect values of IMT and radial motion.
According to our study, the echoscopy of CCA for the registration of temporal variation of IMT,
longitudinal and radial motions is challenging. Following completion of the work reported in this
paper, Au et al. [28] suggested to average four consequent heart cycles for representative measurement
of longitudinal motion in CCA. Au et al. [28] noticed that indices of variability were reduced when
two to four heart cycles were used. Any improvements in indices of variability were not observed
when more than four heart cycles were averaged. This proves that more than four heart cycles are
unnecessary to use [28]. In future studies, we propose using four heart cycles for representative
estimates of not only longitudinal, but also temporal variation of IMT and radial motion. In addition,
parameters for consecutive heart cycles’ repeatability must be incorporated into the B-mode sequences’
acquisition. Only similar consecutive heart cycles will be taken for evaluation of CCA motion. Standard
deviation values can be derived between four consequent heart cycles as feedback for the sonographer
and determine if the acquired sequence is acceptable or not. As we understand it, this gives clearly
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better results and ensures correct parametrization of the temporal variation of IMT, longitudinal and
radial motions.
AV and RMS values of IMT variation, longitudinal and radial motions of two consequent heart
cycles are new parameters, which have not been used previously in clinical studies associated with
CCA and atherosclerosis. Future investigations are necessary to validate the conclusions that can be
drawn from this study. Frequency domain parameters could be proposed in the future to distinguish
healthy subjects from at-risk patients.
5. Conclusions
Reliable recording of sequences of echoscopy images from subject CCA is challenging.
Collaboration of the subject is necessary to keep the body motionless during recording. All subjects’
motions during echoscopy were recorded as artefacts and this decreased repeatability of arterial
pulsing movements. The results show statistically significant difference between healthy volunteers
and at-risk patients according to the AV of temporal variation of IMT, RMS values of longitudinal and
radial motions, and peak-to-peak amplitude of radial motions.
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